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Abstract

Databases have become a dominant way of storing structured and semi-structured data. The intro-
duction of keyword search over databases has made databases systems much easier to use and improved
the effectiveness and efficiency of querying the databases. Users do not have to master the complex
query languages; nor do they have to be aware of the database schema. They only need to enter the
keywords to perform a database query. This article provides a survey of research on keyword search in
databases, conducted both in China and abroad. We mainly focus on database schema-based keyword
search over relational databases, graph-based keyword search, and keyword search over XML databas-
es. We also discuss possible directions for future work.
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data graph
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ma-based Classification, Browsing and Retrieving) , B454& T 45 BRI N BB IXH
Rk, A S R URPISEN, W B PP S R Seak AR O R
() SEEKER J&— T OCHEA Y C R BUREF R R RS, BT LI R R %
B SCA R, o AT AR R B A G BE DA R B R . SRR s N R L RS
DETECTOR fy5Efili b, BfIFsisl VISR oH i %, AR WA RRCRIR T, AU
T KR i (RAIE A 0 45 S A VR . b AT O T R 56 R B A v B O i A 4
R, BT ZRZM L OTHZ B LOCHR, T —MiE Ok, %k SO
BRBCAG T T AT PR AR, JF HOIACH 8 bn R A A i 45 R 5 A DG Z A Y
AHOCHE, RIE T RER IS A R A 2% BT s, MREE R T M LI%L
BBy b PR Y top-k MR, B T B TR PERE . B BOREAE LS R T —
RO EE A5 R AT VAL 0BT 7k CI-Rank , ANMEZ B A M 45 R A h &A1 SO B 220,
H 2% BRI 1 4 BT, kSR 1 A PR R B AE I 2 R, BGE
THERRCR .

TRZWFE T KA R F BRI i 77 U e e Z M G &R i T ool Z [ A7 K ¢
2, PR Rhoy 308 5 RCR AR, ik, 2R RSP RE T OC4 0 (Tuple Unit)
PIREE, JF o CH Rl A g n 1 B AL BB By, TEX AN PR By, WA R oudl
BAGTIF XX B BT Tk, FESCHE TR AR AT, Rl LA ) FH X B G 2 BT i T S
A ATELR AL B (A, IZHESE FOR A B JU A BT ok M G R A i), TR, T
RS NUSTBESE T AT il 22 A e TR A AR, RS T BT IR B S SR P 4k
F S ICA TG, EFHE R TR HEF ROR RIS, Sl T LUk 7 XA
Y top-k AR HILE R

W T HERRSE IR ECE AR S PR, Bl e rh AP e — S G B . XX A R, A7
AN P BT T A4 RESEARCH (9 R 58, $ih T o f S B i A 80 i, T
R AR OC A T4 2R

B BENE A NS BIEE T B A R e A A B, 4R T G-I top-k Skt iA) 4
WHELL, 5IAWHAMA AR, RGP, BIFA R4 Steiner &, i
JEARL T, RIETE RN AAS [T R bR T e v e i s [R]
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A BYRIESE RARAE RS RO RO 2 b EAT B R A i) LAKE T 8s IR 5 o, A
Bl PRI AR 20 18], R B PR SE A B 20— AR, RS R AT, A2, 1
SRR, Bl RS ER, W TR R E ) R R I R AR DGR
I, Xu 25 SO T RAR A O R SR S RBUIR ) . YESERY top-k BT AE I,
7 LA B4 TR 1) O 2R 80 U ) S B TR A LR O A, RS TR R AL, AT
PRI SR 2 TP Y top-k DNEEIR, JFAEBOE R R A RTINS A AR

3.2 XML ##EE _FRIX#IAES

2R R AP B T T A XML JCHE T A 9 SAILER %5, 153 11 ) BRI XML 3
PR L, JFRIN T “OCHEM” (Pivotal Tree) AYBEZ:, Wit 1 RZAIIE N
PP 21 top-k ASPPJ3-fe e B SCHER o

2R R AP SR EASE AT LA 3 T AR 4 AL R (CSOAREUI) | kA A
Bs (XML SCRY) | g5 et (SCREEE) o EASE H eIl ahty . ~FEs iy fb sty
BRI, SRIGM AT, JFERRSG], MARERNEHERT], K
KEEWAI, MEER IR T — B A HE R AL R 52 i A A SR A A R

HRA NP IR Dewey 2l BER, 4307 UERA T XML 568 6 2% v i 40
W& SLCA YA EZEMET, IR/ LEER B 52 ) T Nearest Pair 83k, 2801k — ik
ARA B FHRARABIT AT, KK P RIS R A OB T — R 2

Lou %5 A\ B STHE B W97 IR B8 A 2% AR ST, 0 e 47 IR
TAEGMEET SCORR IR BoR, Mk A % 18 XML F Beiyis UE B I, fEHRBT
XML J5 BeZ (6] 4 SCHPERIBE &, IR SCT T SCRIAUPE RO BE R D7 3%, 03 78T XML
FKHE A E R A HEF AL

4 BR5RE

KRB RN SR, BN —Fh AR A 0 Bl £ FAE BEEOR , Bl e
RIHRAL T RPERERY . BRUE BOOC R BAE A A, Al DA R B 2 RO A BT R . B
H AR A R, SC R B i h AT BOR B P Bt o 5 eI, XML il 2
JO7 A AE TG N A5G 28 R0 e A XML Kot e oA QR AR e = b, A R LR I A
UrrfE BARIT I, A RS At o R R B R AR IR IR R R 2 BB, B By SE
ST AEOAR , ARG 35 1 T SR T 7 i B BB D RE T R, A BOR B 2 Y
YERT.

55 ENAMIWTFE IR, FRATIA A B i b 8 O ) £ A B LR AR R Y & R s
FEEARIAE LU LA 51 -
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KiE
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