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8.4.1 Pig
8.4.2 Tez
8.4.3 Spark
8.4.4 Kafka
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M2 —>KHPig Latini® 5 % 5 BN R 92, SEIU T U7 1 9 11
(ERAMINEE R R i

visits = |load ‘/data/visits’ as (user, url, time);

gVisits = group visits by url;

visitCounts = foreach gVisits generate url, count(visits);

114521 [¥) 2 1Y) 45 ) visitCounts (url, visits)

urlinfo = load ‘/data/urlinfo’ as (url, category, pRank);
visitCounts = join visitCounts by url, urlinfo by url;

1145 3 )% B2 45 5 3% 1 45 i visitCounts (url, visits, category,pRank)
gCategories = group visitCounts by category;

topUrls = foreach gCategories generate top(visitCounts,10);

store topUrls into ‘/data/topUrls’;
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Pig Latin &8t Zif A
MapReduceftHadoopE# 4T
o Guit FH P U7 In) SRR 7 4 g 1R Rl
MapReducelf, <A & piR

1 Load Visits

~\

Map1

E@Map7|<D Reduce ZGroup by url
Reducel
Map2
_ 3 Foreach url 4| Load Urlinfo
1 visits = load ‘/data/visits’ as (user, url, time); generate count
2 gVisits = group visits by url;
3 visitCounts = foreach gVisits generate url, count(visits); \"
5 Join on url

1175 3] 1 22 1 45 #avisitCounts (url, visits) Reduce2
4 urlinfo = load ‘/data/urlinfo’ as (url, category, pRank); 6 ‘ Map3

5 visitCounts = join visitCounts by url, urlinfo by url;
1145 3] () 342 45 5. 35 1 45 M visitCounts (url, visits, category, pRank)

6 gCategories = group visitCounts by category;

7 topUrls = foreach gCategories generate top(visitCounts,10);

8 store topUrls into ‘/data/topUrls’;

Group by category

A

7 Foreach category
generate top10(urls)

Reduce3

v

&l MPig Latinfil 4544415 2 f)MapReducefE k.
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SRR AR
cluster
DE0EC00
slulzl=l=
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8.4.2Tez

SELECT a.state, COUNT(*),AVERAGE(c.price)

FROM a
JOIN b ON (a.id = b.id) Hive - MR Hive - Tez
JOIN ¢ ON (a.itemld = c.itemld) | w1 Tw SELECT bid
GROUP BY a.state e | N M| M| M
\ ‘ R | [ R M M ii% W SELECT b.id
“Tez LAt 3= EARILAE : \ / - L —

'25@?5@@@%4{’5% HDFS
Z [E1f] “5 N\HDFS” 7 -

/N Ny M M
LR TR TAERT  onveo ;
£ & IMapl B :
HDFS
JOIN(a,b) M M JOIN(a,b)
Group BY Group BY
a.state a.state
COUNT(*) COUNT(*)
AVERAGE(c.p R AVERAGE(c.p R
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