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8.2.1HDFS HA
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8.4.1 Pig
8.4.2 Tez
8.4.3 Spark
8.4.4 Kafka
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iR Pig Latini® & 4 5 BN R 92, SEIUE T U7 1 4 11
(ERAMINEE R R i

Vi sits = |l oad *“/ data/ vi si

gVisits = group visits by url;

visitCounts = foreach gVisits generate url, count(visits);

114521 [¥) 2 1Y) 45 ) visitCounts (url, visits)

url I nfo = | oad */data/url I nf
visitCounts = join visitCounts by url, urlinfo by url;

1145 3 )% B2 45 5 3% 1 45 i visitCounts (url, visits, category,pRank)

gCategories = group visitCounts by category;

topUrls = foreach gCategories generate top(visitCounts,10);

store topUrls into ‘/data/topUrl s’ ;
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MapReducefEHadoop&E#f AT

(K1o GUit FH 7 U In) SR PP 40 2 3 A 1 Load Vsis

MapReduceff, <=4 & rx
f\iMapFTReduce

~\

Mapl

lvisits ud, tinkel a

2 Group

by url

Reducel
Map2

Foreach url 4
generate count it

Load Url info

2 gVisits = group visits by url;
3 visitCounts = foreach gVisits generate url, count(visits);

1175 3] 1 22 1 45 #avisitCounts (url, visits)

4 urlinfo = | o a durlinf6’ d aair§acdiegory, pRank);

5 visitCounts = join visitCounts by url, urlinfo by url;

114530 {13 22 45 SR 3% 1 45 Ky visitCounts (url, visits, category,pRank)

6 gCategories = group visitCounts by category;

7 topUrls = foreach gCategories generate top(visitCounts,10);

8 storetopUrlsi nt o topUrts’'at a/

\‘,

5 Join on url
Reduce2

A

Map3

Group by category

Reduce3

A

7 Foreach category
generate top10(urls)

v

&l MPig Latinfil 4544415 2 f)MapReducefE k.
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= / LA I pig RS — AN AT 448
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—— o HE 2% T AE
Ui
886888 Pig -t E 1|
CE8000 *Yahoo!: 90% LA_F ffiIMapReducefF k& PigZ: i

Twitter: 80% LA _F fiMapReducefF V& Pig4: i)
eLinkedin: X#B47 fiIMapReducefF k& Pig4: sl i
o HiAth =2 /' Salesforce, Nokia, AOL, comScore

(CREABREARFEHESMA B2k ) B TR HENEEE R



«Tez;2Apache T U5 ) S FDAGENLFiHRAESE, © EHEE T
MapReduceft 22

i% 0 A 2 Map FIReduce MR EIE— 545 7>
Map#t #+ 4 i Input. Processor. Sort. MergeflOutput

e Reduce#:#x 77 Hilnput. Shuffle. Sort. Merge. ProcessorflOutputs
oo Ja M u R E ] UAE B RIEH S, r AT iR E

X LLEE T — B AR P H AR 5, AR KIFIDAGEY
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1001
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8.4.2Tez

SELECT a.state, COUNT(*),AVERAGE(c.price)

FROM a
JOIN b ON (a.id = b.id)

JOIN ¢ ON (a.itemld = c.

GROUP BY a.state

Tez Ak & BARILLE .
o [R T IELENME L
Z [Ef) “5 ANHDFS”
fx T B TAERH
% B IMapi Ex

Hive - MR Hive - Tez
iteml d) M| | M SHECTbiid
astate W MMM
M M SHECT .
=l [ R ntote W SHECTb.id
c.itemld R R -
/&_L R
M
HDFS
/ \ R
M M HDFS
JOIN (a,0) —
SHECT R
c.price R JOIN(a,c)
HDFS
JOIN(a,b) M M JOIN(a,b)
Group BY Group BY
astate astate
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