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Order
Orderid | Account Date
1 a di
2 a d2 ﬂ’
3 b d3
Iltem
Orderid |  Itemid Num
1 10 1
1 20 3 Map
2 10 5
2 50 100
3 20 1
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7.6.2 ‘B EMapiIEiZ 45

‘Map#ii AR Hy<key,value>

IR [ Mapiin th 2R AUy < id], IR A
*Mapiin N 8 5% 247 72 N<Object, Text>
«Mapii H 2570 55 287 72 <Text, IntWritable>

public static class MyMapper extends Mapper<Object, Text, Text, IntWritable>{
private final static IntWritable one = new IntWritable(1);
private Text word = new Text();
public void map(Object key, Text value, Context context) throws
IOException,InterruptedException{
StringTokenizer itr = new StringTokenizer(value.toString());
while (itr.hasMoreTokens())
{
word.set(itr.nextToken());
context.write(word,one);
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fEReduceib B E#E 2 7, Maphi4h 5w sidid Shuffle Bodk 4T B 2

‘Reducef Bt IAT55: X N BT 51 47 3R A1
‘Reduce 1% N\ Ei & A<key,lterable %5 25>

Reduce T 45 1% N -
<”I”’<1’1>>

<”iS”’1>

<"from”,1>
<”China’,<1,1,1>>
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7.6.3 fsEReducer i1 ¥ 45

public static class MyReducer extends
Reducer<Text,IntWritable, Text, IntWritable>{
private IntWritable result = new IntWritable();
public void reduce(Text key, Iterable<IntWritable>
values, Context context) throws IOException,InterruptedException{

Int sum = 0;
for (IntWritable val : values)
{

sum += val.get();

}

result.set(sum);
context.write(key,result);
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7.6.4 ImEmaing ik

public static void main(String[] args) throws Exception{

Configuration conf = new Configuration(); //f&J71a1TH} %4
String[] otherArgs = new GenericOptionsParser(conf,args).getRemainingArgs();
if (otherArgs.length 1= 2)
{ System.err.printin("Usage: wordcount <in> <out>");

System.exit(2);
b
Job job = new Job(conf,"word count"); /% & 15 S %
job.setJarByClass(WordCount.class); /¥ & AL 112542
job.setMapperClass(MyMapper.class); //#s ilTMyMapper&
job.setReducerClass(MyReducer.class); //#sIMyReducer3s
job.setOutputKeyClass(Text.class); //15 & i Hi 257!
job.setOutputValueClass(IntWritable.class); /1% & % Hi 25 7Y
FilelnputFormat.addInputPath(job,new Path(otherArgs[0])); /¥ & i A\ (44
FileOutputFormat.setOutputPath(job,new Path(otherArgs[1])); /5 & % H A4

System.exit(job.waitForCompletion(true)?0:1);
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import java.io.lOException;

import java.util.StringTokenizer;

import org.apache.hadoop.conf.Configuration;

import org.apache.hadoop.fs.Path;

import org.apache.hadoop.io.IntWritable;

import org.apache.hadoop.io. Text;

import org.apache.hadoop.mapreduce.Job;

import org.apache.hadoop.mapreduce.Mapper;

import org.apache.hadoop.mapreduce.Reducer;

import org.apache.hadoop.mapreduce.lib.input.FileInputFormat;
import org.apache.hadoop.mapreduce.lib.output.FileOutputFormat;
import org.apache.hadoop.util.GenericOptionsParser;

public class WordCount{
[IWordCountZ& i) HARACAS UL T — 17T

}
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public class WordCount{
public static class MyMapper extends Mapper<Object, Text, Text,IntWritable>{
private final static IntWritable one = new IntWritable(1);
private Text word = new Text();
public void map(Object key, Text value, Context context) throws IOException,InterruptedException{
StringTokenizer itr = new StringTokenizer(value.toString());
while (itr.hasMoreTokens()){
word.set(itr.nextToken());
context.write(word,one);

}
}
public static class MyReducer extends Reducer<Text, IntWritable, Text, IntWritable>{
private IntWritable result = new IntWritable();
public void reduce(Text key, Iterable<IntWritable> values, Context context) throws I0Exception, InterruptedException{
int sum = 0;
for (IntWritable val : values)

{
}

result.set(sum);
context.write(key,result);

sum += val.get();

}
}
public static void main(String[] args) throws Exception{
Configuration conf = new Configuration();
String[] otherArgs = new GenericOptionsParser(conf,args).getRemainingArgs();
if (otherArgs.length 1= 2)
{
System.err.printIn("Usage: wordcount <in> <out>");
System.exit(2);
}
Job job = new Job(conf,"word count™);
job.setJarByClass(WordCount.class);
job.setMapperClass(MyMapper.class);
job.setReducerClass(MyReducer.class);
job.setOutputKeyClass(Text.class);
job.setOutputValueClass(IntWritable.class);
FilelnputFormat.addInputPath(job,new Path(otherArgs[0]));
FileOutputFormat.setOutputPath(job,new Path(otherArgs[1]));
System.exit(job.waitForCompletion(true)?0:1);
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LRI IR:

ff Hjavadm: 2 7, A .class
#.class 3 T AL yjartl

Tjartl (7523 3Hadoop)

SEX T
&

i

LS
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7.6.5 @I BB URIEITIER

Hadoop 2.x fiRAsH B4KH jar

Hadoop 2.x x4~ jar A& H7E—~ hadoop-core*.jar H1, T1fj & 73 il
A jar, anf# f Hadoop 2.6.0 247 WordCount S5 2 /b E a0~ =4
jar:
*$HADOOP_HOME/share/hadoop/common/hadoop-common-2.6.0.jar
*$HADOOP_HOME/share/hadoop/mapreduce/hadoop-mapreduce-
client-core-2.6.0.jar
*$HADOOP_HOME/share/hadoop/common/lib/commons-cli-1.2.jar

i 7% hadoop classpath 7] LI 211217 Hadoop 277 Jr 7 14350
classpath/{z &
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7.6.5 wIEFT BB UARBITIERF

¥ Hadoop [¥] classhpath {5 B INE] CLASSPATH A& h, £ ~/.bashrc
HE N~ JUAT

export HADOOP_HOME-=/usr/local/hadoop export
CLASSPATH=$($HADOOP_HOME/bin/hadoop classpath):$CLASSPATH

AT source ~/.bashrc (A2 EA %Y, AW LB javac frgn i
WordCount.java

% javac WordCount.java

AR class SUHTRLEK jar, 4 BEAE Hadoop Hiz4T:

jar -cvf WordCount.jar ./WordCount*_.class

BATFER -

fusrflocal fhadoop/bin/hadoop jar WordCount.jar WordCount input output
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WA ¥ F Eclipsefmkiz{TMapReducefeF ?

1522 JE ] K00 e e B =5 Y 8RR

(REFEREESNA $£-LE MapReduce I #HE)
12 “CRBARREF A MRS PRS- LE (CFTamm) st
http://dblab.xmu.edu.cn/blog/631-2/

HLE (EIERE) TS TImARE:

{(fFFEclipsegmiFiafTMapReducefEF Hadoop2.6.0_Ubuntu/CentOS)

A5 A 22 A R 55

(CREABREARFEHESMA B2k ) B TR HENEEE R



7.6.6 Hadoop®#i {TMapReducefE &/ JLF A X

*Hadoop jar
Pig
*Hive
*Python
*Shell {2
T BRI R E IR T, JPRBCR . AT RCRAR
e B BN ER, NERKFRTHE MO
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1T 9 T2 Tiat

%,E ERE LR Ly g IR R CBE AT

MapReduceﬂ’M?rEl’JéLﬂz@%UTTL FE "Ex I 2L

éﬁb&)\é&i’% ?ﬁkﬁl\/lny\ERiﬁutHEPlEﬂ %\ JiShuferB)lB%T HH ]

25 Koy X HE P 3 HL e iS4 ReducefE55 . T Reduceft 95 15 2 i 2%
GiRIEG N ARG, RV B, Shufflefir B 3!5%'9‘%%
, IR R BRI AP B VR AP AT IR

MapReduce B3 2 (N, bk f8uzH. HHERKEGER
%EB¢ G € A

ﬂiaaﬂiu AR G R T S, RN T TR S
MapReducef2 FAhE UL Al is 4T 72 7
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