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15.4.1Pig

M2 /K HPig Latini® 5 % S5 BN FE 526, SR T U7 1] 9 11

IR SN AR IR,
visits = load ‘/datalvisits’ as (user, url, time);
gVisits = group visits by url;

visitCounts = foreach gVisits generate url, count(visits);

1145 21| 1) 22 1) 45 #)visitCounts(url, visits)

urlinfo = load ‘/data/urlinfo’ as (url, category, pRank);
visitCounts = join visitCounts by url, urlinfo by url;

1145 3] i) 2 2 45 3R 35 ) 45 M visitCounts (url, visits, category, pRank)
gCategories = group visitCounts by category;

topUrls = foreach gCategories generate top(visitCounts,10);

store topUrls into ‘/data/topUrls’;
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MapReducel}, &= aE R <

E@Map7|<D Reduce ZGroup by url

Reducel
\ Map2
. . : 3 Fom?hu”t 4| Load Url info
1 visits = load ‘/datalvisits’ as (user, url, time); generate coun
2 gVisits = group visits by url;
3 visitCounts = foreach gVisits generate url, count(visits); \"
5 Join on url

1118 2] (1) 3R 111 25 FvisitCounts (url,visits) Reduce2
4 urlinfo = load ‘/data/urlinfo’ as (url, category, pRank); 6 ‘ Map3

5 visitCounts = join visitCounts by url, urlinfo by url;

114531 (7% 45 5.2 1 45 K visitCounts (url, visits, category, pRank)

6 gCategories = group visitCounts by category;

7 topUrls = foreach gCategories generate top(visitCounts,10);

8 store topUrls into ‘/data/topUrls’;

Group by category

A

7 Foreach category
generate top10(urls)

Reduce3

v
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SELECT a.state, COUNT(*),AVERAGE(c.price)

FROM a
JOIN b ON (a.id = b.id) Hive - MR Hive - Tez
JOIN ¢ ON (a.itemld = c.itemld) | w1 Tw SELECT bid
GROUP BY a.state e | N7 M| M| M
\ ‘ . . M M ii% ‘ W SELECT b.id
“Tez LAt 3= EARILAE : \ / X R || R E—

'25@?5@@@%4{’5% HDFS M M
Z A “5 AHDFS” 7 R

I\ N7y M M
LR TR TAERT  onveo ;
%/é‘% E[/‘J Map Izjl\-Eﬁ ¢.price R JOIN(a,c)
HDFS
JOIN(a,b) M M JOIN(a,b)
Group BY Group BY
a.state a.state
COUNT(*) COUNT(*)
AVERAGE(c.p R AVERAGE(c.p R
rice) rice)
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7] 25t

HADOOP 2.0

MR | Pig | Hive Others N1 :
{batch) | (data flow) (sal) (cascading) Stream':Serva‘es:
Graph = Hease

Tez o :

Giragh
(execution engine) '

YARN

(cluster resource management)
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